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ABSTRACT

Indian banks are using Al-powered chatbots to
provide better customer service through real-
time communication and problem-solving. This
research study aims to compare customer intent
in using chatbot services offered by private and
public sector banks. Additionally, the study
investigates the significant factors that explain
customer behavioral intent to use Al-powered
chatbot services. The paper collected primary
data from Indian public and private sector bank
customers in Delhi-NCR through Google form
links, Instagram, and Facebook. The Unified
Theory of Acceptance and Use of Technology
(UTAUT) 2 was assessed, and statistical tools
such as paired sample t-tests and multiple
regression were used to test the hypotheses. The
results of the multiple regression analysis showed
that hedonic motivation plays a significant role
in understanding the intent of public sector
customers to use chatbots, while habit plays
a significant role for private bank customers.

The authors observed a significant difference
between public sector bank customers and
private bank customers in terms of behavioral
intent to use chatbot services, concluding that
private bank customers are more intent on using
chatbots compared to public sector customers.

Keywords: Chatbots and artificial intelligence
have been subjects of interest and discussion due
to their perceived complexity. Technological
anxiety, risk, and social influence.

JEL Codes: C32, E31, E52, H62

INTRODUCTION

The acceptance of robots in chats is referred to
as a chatbot. A chatbot is a smart, user-friendly,
and readily adoptable technology. It is available
24/7/365 to provide one-to-one conversations
and customized offers (Sarbabidya & Saha,
2020). The same is adopted in banking services
to provide automated communication with
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customers. Such advanced banking features
uplift customer motivation and ease of direct
connection (Elena, 2020). The study has used
primary data collected from bank chatbot users
using a random sampling method through a
structured questionnaire (Magaji, 2021). The
banking chatbot offers numerous advantages
to the banker such as cost-saving, early fraud
detection, reduced human errors, and many
more (Kurode, 2018). Banks should focus on
chatbot-centric services to provide customer
service and thus ensure the growth and
development of the bank and the economy as a
whole. Chatbots act as a viable and informative
interaction layer between banks and customers

October- 2024

ISSN 2393-9451

(Anetta, 2021). This study provides a deeper
understanding of how bank customers perceive
chatbots as upgraded technology in banking
services and communication channels in both
private and public banks (Alzaidi, 2018). The
UTAUT?2 theory is framed with independent
factors, namely social influence (SI), facilitating
(FO),
(PE), hedonic motivation (HM), price value
(PV), effort expectancy (EE), and habit and
behavioral intention (BI), to use chatbot

conditions performance expectancy

services as a dependent factor to predict a
higher intention to use chatbot services (Reena,
Kanda, Chanchal, & Vij, 2023). Artificial
intelligence (AI) powered chatbots adopted

Check
account
balances

Answer
basic
guestions

Resolve
urgent
issues

Provide an
time
notification

Fig.1: Use cases of chatbot in banking
Source: Sinha, S. (2022)
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by banks can be used in several ways, such as
quick detection of fraud transactions, checking
account transactions and statements, answering
basic queries of customers, timely notification
of customers, and transferring funds from one
account to another, and the like.

LITERATURE REVIEW

The literature review provides a robust
understanding of the use of chatbots in the
banking industry, concerning how Indian
banks react to the adoption of Al-powered
chatbots. Presently, several banks in Indonesia
have adopted chatbot technology in banking
customer service. The Al application in
customer service helps prepare banks for the
upcoming challenges related to fraud and
customer service (Wicaksono & Zahra, 2022).
Gupta and Sharma (2019) investigated the
use of chatbots in the banking industry as
a preferred option for customers, evidenced
by a positive correlation between utility,
accessibility, threats, and customers’ attitudes
towards chatbots. Cardona et al. (2019) studied
customers’ intention to use a chatbot in the
insurance sector and concluded that the sample
population is highly aware of technology and
its use, preferring to recommend it to others.
Richad et al. (2019) and Anetta et al. (2021)
studied behavior intention and concluded that
perceived usefulness, perceived ease of use,
and innovativeness play a positive significant
role in shaping customer behavior. Sarbabidya
and Saha (2020) observed that chatbots, as
one of the banking service framing customer
interaction tools, have been positively affected
by ease of use, relationship services, responsive
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service, advisory services, value-based useful
services, and maintaining customer privacy
and security. Rani et al. (2023) aim to study the
working of chatbots in the banking sector and
conclude that most of the questions customers
query for are already available on websites, so
there is a need for updated features in chatbot
assistance. The author develops a baseline for
how customers in emerging markets interact
using chatbots and concludes that technological
experience and age play a significant role in the
UTAUT model and impede intention to use
(Aaron & Smith, 2020). Based on the existing
literature review, the research topic is in its pre-
seeding phase and includes qualitative analysis
of banking performance. Very few studies
have analyzed the chatbot acceptance model
in banking (Richad et al., 2019), (Cardona
et al., 2019), and comparison is the least,
which becomes a research gap. Thus, the paper
compares the public sector and private sector
bank customers’ intention to use Al-powered
chatbot services.

OBJECTIVES OF THE STUDY

To compare the customer intention to use
chatbot services powered by public and private
sector banks.

To examine the significant factors that
explain the customer’s behavioral intention
(BI) to use Al-powered chatbot services.

CONCEPTUAL MODEL PROPOSED

The conceptual model above depicts the
extended theory of UTAUT (Venkatesh et al.,
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Fig.2: Conceptual Model

Source: Author’s creation

2003) provided by Venkatesh et al. (2012).
It is considered a base theory to analyze the
substantial factors that explain the behavioral
intention (BI) of customers to use a banking
chatbot. This is one of the few studies that have
considered the UTAUT 2 theory concerning
chatbot acceptance among customers, but a
comparison of public and private sector bank
customers in India was missing. Through this
model, the authors have tried to understand
and compare the public and private sector
bank customers’ intention to use Al-powered
banking chatbot services effectively.

240 IITM Journal of Business Studies

SETTING OF HYPOTHESES

To test the behavioral intention of customers
in the private and public sector banks towards
the use of chatbot services in banking, based
on seven parameters: social influence (SI),
(FO),
expectancy (PE), hedonic motivation (HM),
price value (PV), effort expectancy (EE), and
habit (Venkatesh et al., 2019). Hypothesis
testing was conducted on primary data collected
via structured questionnaires from customers of
public and private segment banks. To test the
hypotheses, the authors have separately set the
following hypotheses for each parameter based
on the UTAUT?2 theory (Venkatesh etal., 2012):

facilitating  conditions performance
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Factor Definition Items
Performance It is expressed in terms of increasing PE1: chatbot are useful and effective in my
expectancy performance by using systems and updated  daily life

technology at the workplace.

PE2: With the help of the chatbot, I can
achieve important things regularly

PE3: Things can be accomplished by saving
time using a chatbot.

PE4: Productivity enhanced using chatbot.

H,, There is a significant change in the chatbot’s performance expectancy of public sector and private sector

customers
Effort expectancy

the system

It determines the level of ease while using

EF1 Chatbot provides clear and
understandable interaction for me
EF2 How to use a chatbot is easy for
me

EF3: Chatbot is easy to use for me
EF4: Chatbor also makes me skilful ro
interact effectively.

H,, There is a significant change in chatbot’s effort expectancy of public sector and private sector customers

Social influence

It expresses the degree that claims the
importance of a system by which others get
influenced to use the same.

SI1: People whose opinions matter to me
prefer to use chatbot.

SI2: People who impact my behaviour
intention think that I should continue using
a chatbot.

SI3: Important people in my life think that

should continue using charbot.

H,, There is a significant change in the social influence parameter of public sector and private sector

customers
Facilitating
conditions

It explains factors of people and the
surrounding social environment that can
affect the use of the system.

FACI: Necessary resources are available to
me for using a chatbot.

FAC2: Necessary knowledge imparted to use
a chatbot

FAC3: Compatible with other technologies
for a chatbot is satisfactory.

FAC 4: Others are also familiar with the
chatbot and are ready to help me when
required.

H,, There is a significant change in chatbot’s facilitating conditions of public sector and private sector

customers
Hedonic motivation It expresses the fun and pleasure derived HM1: Using a chatbot is
from adopting newer technologies in the enjoyable.
workplace. HM?2: Using a chatbot is
gratifying.
HM3: Using a chatbot is very
pleasure.
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H , There is a significant change in chatbot’s hedonic motivation of public sector and private sector

customers
Price Value

using new technology

User conduct cost-benefit analysis for the
price as cost and benefits as time-saving by

PV1 Chatbot prices are
affordable.

PV2: Chatbot support value for
money.

PV3: The price of the chatbot
provides a satisfactory value for
money.

H, , There is a significant change in the chatbot’s price value of public sector and private sector customers

Habit

user’s beliefs.

It is the measurement of constant behaviour
towards any stimulus that gets adapted to the

HTI: I am habitual in using
chatbot.

HT2: I am addicted to using
chatbot.

HT3: Chatbot is a must-use.
HT4: Chatbot is naturally used

by me every time.

H,_ There is a significant change in the habits of public sector and private sector customers concerning

chatbot

Customer’s intention
to behave while using
chatbot services

Behavioural intention is the level at which
someone has planned to do or will not do
something in the future source

BII1:] intend to use a chatbot in
future for very and every purpose.
BI2:] will always try to use
chatbot in my daily routine
BI3:I plan to continue the use of
chatbot more often.

RESEARCH METHODOLOGY

Measurement items are kept the same as in
previous literature (Venkatesh et al., 2012).
A five-point Likert scale extending from
Strongly Disagree (1) to Strongly Agree (5) is
used in all statements. The respondents are the
existing customers of private banks and public
banks from Delhi/NCR, who are considered
as the target audience. The random sampling
method was adopted for the selection of the
sample. After that, the snowball sampling
method was followed to obtain responses
from bank customers. A total of 102 responses
were received, which were found suitable
for the study. The final sample of 51 private
bank customers and 51 public segment bank
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customers was considered for data analysis.
The survey data obtained was analyzed using
both descriptive and quantitative techniques.
Descriptive statistics explain the use of
respondent profiles, whereas quantitative
techniques involve various statistical tools,
namely t-test and Multiple regression analysis.
The data was evaluated using Microsoft Excel
and specialized software - The Statistical

Package for Social Science (SPSS).

The quantitative results revealed that
47.06% of respondents are male and the
remaining 52.94% are female. The highest
proportion of respondents by age group is
67.76% in the 0-30 years category, followed by
26.48% in the 31-45 years category, and 11.76%
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Table.1: Profile of the respondents
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Demographic Frequency Percentage Cum. frequency
Gender
Male 48 47.060% 47.060%
Female 54 52.940% 100%
Age (in years)
0- 30 63 61.76% 61.76%
31-45 27 26.48% 88.24%
46-60 12 11.76% 100.00%
Bank type
Public sector Bank 51 50.00% 50.00%
Private sector Bank 51 50.00% 100.00%
Years of experience in using chatbot
Less than 1 year 40 39.21% 39.21%
1-2 years 30 29.42% 68.63%
2-3 years 12 11.76% 80.39%
More than 3 years 20 19.61% 100.00%
Table 2: Paired Samples Statistics
Mean N Std. Std. Error
Deviation Mean
_ EPE PVT 3.80 51 739 103
Pair 1
PE PSE 34l 31 763 107
Pair 2 EEPVT 411 51 5617 086
%< EEpsB 3 65 51 783 110
Pair 3 SIPVT 378 51 638 089
@ SIPSB 3.29 51 745 104
Pair 4 FC PVT 4.00 31 LliYl 079
4% FCPSB 3.59 51 778 109
. _ HMPVT 354 51 809 113
Pair 5 -
HM PSB 340 51 904 A27
Pair 6 PV EVT 404 51 762 107
Y pvpsB 339 51 781 109
H}}BIT 317 51 960 134
Pair7 ST
HABIT
312 51 852 119
PSB >
Source: Output from SPSS 21.0
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in the 46-60 years category. The majority of
survey respondents who have not used a chatbot
for a longer period are recorded based on their
experience with a chatbot in years. The highest is
less than 1 year, with 40 respondents (39.21%),
followed by 1 — 2 years, with 30 respondents
(29.42%), followed by more than 3 years, with
20 respondents (19.61%), and 12 respondents
(11.76%) for 2-3 years.

Data Analysis and Results

Social Influence (SI), Facilitating Conditions
(FC), Performance Expectancy (PE), Hedonic

Table 3: Paired Samples Test
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Motivation (HM), Price Value (PV), Effort
Expectancy (EE), Habit, Public sector banks
(PSB), and Private sector banks (PVT).

The table above showcases the mean
values and standard deviation (SD) of all seven
parameters of private segment bank customers
and public segment bank customers. It is quite
evident from the above table that private sector
customers have higher average mean values
compared to public sector customers. This
means that private sector customers’ intention
to use Al-powered chatbot is higher compared
to public sector customers.

Paired Differences T df 51z (2-
Mean Std. Std. Error tailed)
Deviation Mean

Pair |PEPVT-PE
1” . 392 1.163 163| | 2408] 50 020
E‘m EEEPW'EE 461 1.090 153|| 3.019] 50 004
E‘m EEEW'SI 490 999 140 | 3.506| 50 001
Pair |FC PVT-FC
4‘3” pon 417 1.010 141 | 2947| 50 005
Pair |HM PVT - HM
;‘” - 137 1.242 174|| .789| 50 434
Eaﬁ i;’:w PV 654 1.081 151|| 4318] 50 000
?aﬁ ﬁgi; 049 1345 188|| 260| 50 796

Source: SPSS Output sheet
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The T-test
inspecting the significant difference in behavior
intention (BI) to use Al-powered chatbot
services between public segment and private
segment customers. The results of the T-test

sample enables

paired

indicated that the mean difference score is
significant at the 0.05 level for five variables,
i.e., Performance expectancy (PE), facilitating
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conditions (FC), social influence (SI), effort
expectancy (EE), and price value (PV), which
represents a significant difference in customer
perception for both banks in the above-stated
variables. Private bank customers have a
noteworthy positive intention to adopt chatbot
as banking services compared to public sector
customers. As a result, the alternate hypothesis

Table 4: ANOVA
Model Sum of Df Mean F s1g.
Sguares Sqguare
iRe,c_r_ressiDn 29.700 7 4243 20647 000k
1 irResidual 8.836 43 205
Total 38.536 50
a. Dependent Variable: BI PSB
b. Predictors: (Constant), HABIT PSB, EE PSE, SI PSB, PV PSB, HM PSB, PE
PSE_FC PSB

Source: SPSS Output sheet

Table 5: Multiple Regression Coefficient- Public sector bank customers

Model Unstandardized Standardized t Sig.
Coefficients Coefficients
B Std. Error Beta
(Constant) -.731 359 -2.036 048
PE—P BI 248 175 216 1.422 162
EE—r BI 213 183 190 1.164 251
ESI—r BI 057 174 049 328 744
FC—:- BI 169 188 150 .808 374
I—H\-{—r BI 260 112 268 2.312 026
P‘v—r BI 118 132 1035 889 379
H—F BI 111 103 108 1.083 285

Source: SPSS Output sheet
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of parameters no. 1, 2, 3, 4, and 6 is acceptable
(H11, H12, H13, H14, and H16), and the
alternate hypothesis of parameters no. 5 and 7
is rejected (H15 and H17).

The model conducted by public sector
bank customer analysis by running R square
value through SPSS stands out as 0.771, which
indicates that 77.10% of the change in behavioral
intention of public sector customers to use chatbot
services is explained by seven independent factors
considered in a research study.

The study uses the ANOVA (Analysis of
Variance) test to identify the informed variation
between samples to determine the presence
of considerable differences in the behavioral
intention of customers. The use of the F
test implies the mean difference significance
of collected responses given for samples.
Checking the F test states that a value below
0.05 is evidence to reject the HO in favor of
H1. The above table depicts that the model so
designed is acceptable and momentous as the
value in the significance is 0.00, less than the
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Multiple regression analyses the relationship
between constructs with multiple measurement
items. This study attempted to describe the
intention  towards

customers  behavioral

chatbot technology usage by considering the
extended UTAUT 2. The above table explains
that the only alternate hypotheses of the
Hedonic motivation parameter are accepted
as relationships between these variables are
strong (t value = 2.312 and p < 0.05). All
other alternate hypotheses are rejected as the

association between variables is weak (p >
0.05). Hedonic motivation, as an independent
variable, has a positive and adequate impact
on public sector customers’ intention to use
Al-powered chatbot services (Paraskevi et al.,
2023).

The model conducted private sector
bank customer analysis in SPSS to estimate R
square value, which turned out to be 0.657.
This indicates that 65.70% of the change in
behavioral intention of private sector customers
to use chatbot services is explained by seven
independent factors considered in the research

0.05 criterion value. study.
Table 6: ANOVA (2)
Model Sum of df Mean F S1g.
Sguares Square
ERe,c_r_ressic-n 23 869 7 34101 11.790 00Qk
1 EResidual 12 436 43 289
ETotal 36.305 50
a. Dependent Vanable: BIP
b. Predictors: (Constant), HABIT PVT HM PVT, PV PVT, FC PVT, PEPVT,
EEPVT, SIPVT

Source: SPSS Output sheet
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Table 7: Multiple Regression Coefficient- Private sector bank customers

Model Unstandardized Standardized t Sig.
Coefficients Coefficienis
B Std. Error Beta
E(Constant) -.151 706 -.214 831
PE—F BI 132 202 115 655 ala
EE—p Bl -.079 219 =057 -.362 719
SI—» BI 270 239 202 1.128 265
FG—r EI 186 201 124 026 360
I];;H;ih 008 140 008 059 953
EPT—& EBI 060 121 054 A96 622
rH—ir EI A3 123 511 3.697 001
a. Dependent Vanable: BIPVT

Source: SPSS Output sheet

The above table depicts that the model
so designed is acceptable and momentous as
the value in the sig. column is 0.00 less than
criterion value.

The above table explains that the only
alternative hypotheses of the Habit parameter
are accepted as relationships between these
variables are strong (t-value = 3.697 and p <
0.05). All other alternative hypotheses are
rejected as the association between variables
is weak (p > 0.05). Habit, as an independent
variable, has a positively noteworthy impact
on private sector customers intention to use
Al-powered chatbot services (Almahri, 2020).

DISCUSSION AND CONCLUSION

Chatbot applications powered by Al are
becoming one of the popular communication
tools for improving customer service in the

banking sector, particularly regarding grievance
handling, quick updates, and fraud detection. It
has now become imperative for bigbanks to offer
chatbot services to their customers. Most banks
implement chatbot services to reduce costs and
enhance the customer experience. The findings
of the study confirmed that the five parameters,
namely price value (PV), social influence (SI),
effortexpectancy (EE), performance expectancy
(PE), and facilitating conditions (FC), have
shown significant differences in the perception
of using chatbot between public and private
bank customers. Private bank customers have
a higher intention to use chatbot compared
to public bank customers. Furthermore,
the multiple regression results showed that
hedonic motivation plays a significant role
in the intention of public bank customers to
use chatbot, whereas habit plays a significant
role in the intention of private sector bank
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customers to use chatbot. In summary, private

bank customers are habitual users of chatbot

services, whereas public bank customers mostly

use chatbot for fun and pleasure.
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